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Executive Summary
This study examines the hypothesis that test-taking speed is a variable that affects performance on both
the Law School Admission Test (LSAT) and actual law school exams. The methodology of this project is
similar to LSAT validity studies, with one important exception. Student performance is disaggregated into
three distinct testing methods with varying degrees of time pressure: (1) in-class exams, (2) take-home
exams, and (3) assigned papers. Correlation coefficients for both the LSAT and undergraduate grade-point
average (UGPA) are then calculated. If test-taking speed affects both the LSAT and law school exams, the
LSAT should be a relatively robust predictor of scores on in-class exams, with lower correlations on
take-home exams and papers. A second phase of the study uses the disaggregated data to construct a model
of law school performance (disaggregated model) that includes testing method as a variable. The predictive
power of the disaggregated model is then compared to the traditional LSAT/UGPA regression equation
(aggregated model). This methodology offers a preliminary assessment of whether testing method (defined
by time allowed) is a variable that affects law school performance and the predictive power of the LSAT.
The sample is composed of recent graduates from two U.S. law schools: an elite national law school with
high LSAT and UPGA scores and a regional law school with mid-range LSAT and UGPA scores. The primary
difference between the two samples is a relatively low correlation between grades and LSAT scores in the
national law school (.194) sample versus a fairly strong correlation between grades and LSAT scores in the
regional law school sample (.446). A more robust LSAT correlation among transfer students at the national
law school (.476) suggests that the weak LSAT correlation for the sample as a whole is probably the result of
range restriction. Notwithstanding this difference, the most significant commonality between the data sets is
that the LSAT has its greatest predictive power on in-class exams. The correlation coefficients for LSAT were
significantly lower as we moved from in-class exams to take-homes and papers. Although the predictive
power of the UPGA also varied, its predictive power was generally more stable for all three testing methods.
Moreover, in both samples, the LSAT and UGPA correlation coefficients for each testing method were fairly
stable between year 1 and years 1–3.* Overall, these results suggest that testing method is a variable that
affects the ordinal ranking of law school performance and, therefore, the predictive power of the LSAT and
UGPA. They are also consistent with the study’s hypothesis on test-taking speed.
In the second phase of analysis, the disaggregated model was a better predictor of law school
performance only in the national law school sample. Testing method actually accounted for a larger share of
the variance than the LSAT (3.6% versus 2.5%). In contrast, the disaggregated model provided virtually no
improvement in the regional law school sample. A careful examination of both samples suggests that the
disparity between the two schools may be partially explained by significant differences in the proportion of
each testing method. For example, the national law school utilized a much larger percentage of take-home
exams and papers than the regional law school (35.2% versus 19.9%). Because the LSAT had its greatest
predictive power on in-class exams, a larger proportion of take-home exams and papers reduced the
importance of the LSAT as a predictor and increased the relative importance of UPGA. In both samples,
UPGA emerged as a stronger predictor of performance on take-home exams and assigned papers. However,
because of the large proportion of in-class exams in the regional law school sample (74.6% for years 1–3), the
LSAT tended to dominate both the disaggregated and aggregated models.
The results of phases 1 and 2 of this study provide persuasive evidence that testing method is a variable
that affects law school performance. Further, the pattern of divergence of LSAT and UGPA correlation
coefficients suggests that test-taking speed may explain differential performance on in-class exams versus
take-home exams and papers.
Additional analyses of the data set corroborate the hypothesis on test-taking speed. For example,
variables were created that reflected the change in ordinal ranking between (1) grade averages on less
time-compressed grading methods (GPAtake-homes, GPApapers, and GPAtake-homes & papers), and (2) grade
averages on in-class exams (GPAin-class). In both samples, these variables were consistently correlated with
the LSAT and poorly correlated or uncorrelated with UGPA. The most plausible explanation for this
outcome is that the LSAT is a measurement (in varying proportions) of both reasoning ability and test-taking
speed. In an analysis that focused on the variable of page length of exam, which was included in the national
law school sample, the LSAT had a weaker correlation with short in-class exams (≤ 4 pages) versus long
in-class exams ( 5 pages). Moreover, the difference between the two correlations was statistically significant
at p = .01. Another subsidiary analysis found limited evidence that age was positively correlated with
performance on take-home exams and papers. Although this finding may be explained by a separate writing

*

An important exception is paper assignments in the regional law school between year 1 and years 1–3. First-year legal writing at the
regional law school was the paper category with a strong correlation with the LSAT (.347). This finding is addressed in the main text under
Results. Furthermore, the theoretical framework outlined in the report, under the section, Discussion, attempts to explain this pattern.
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ability construct that generally improves with experience (and thus age), it is also consistent with age-related
differences in test-taking speed.
Earlier research has suggested that ethnic subgroups may be disproportionately affected by time
pressure on the LSAT. This study found inconclusive evidence of subgroup differences based on test-taking
speed. In both the national and regional law school samples, white students had higher ordinal rankings on
in-class exams vis-a-vis ordinal rankings on take-home exams and papers. Although these findings suggest
that in-class exams may marginally favor white students, the patterns among ethnic subgroups varied
between the two samples. Moreover, the divergence between white and minority student performance was
only statistically significant for a handful of comparisons. More conclusive evidence of subgroup differences
will inevitably require a larger sample size of minority students.
Finally, drawing on the results on this study, the discussion section outlines a theoretical framework for
predicting and interpreting law school performance. This framework identifies at least five factors that affect
performance on either the LSAT or UGPA: (1) reasoning ability, (2) test-taking speed, (3) motivation and
persistence, (4) writing ability, and (5) grading criteria. The discussion then applies these factors to in-class
exams, take-home exams, required legal writing papers, and papers in elective courses and seminars. This
framework offers a preliminary theoretical basis for explaining why the predictive power of the LSAT and
UPGA varies according to testing method. The discussion ends with a cautionary note that the sample size
of this study is small and that more definitive conclusions will require an expanded sample and/or
replicated studies.

Background
Research Question
This study examines the question whether test-taking speed is a variable that affects performance on
both the Law School Admission Test (LSAT) and actual law school exams. The core psychometric fact that
underlies this project is that test-taking speed and reasoning ability, which is the construct the LSAT is
designed to measure, are distinct and separable abilities that have little or no correlation to each other (e.g.,
Carroll, 1993; Kline, 2000; Schnipke & Scrams, 1999b; Stankov, Boyle, & Cattell, 1995; White, 1973). Testing
theorists, therefore, often distinguish between tests that measure “power” and tests that measure “speed.” In
order to avoid a merging of these two constructs, test makers generally pay close attention to time
limitations. If a large proportion of test takers are unable to reach and attempt each question, the results of a
power test may be confounded by a “speededness” variable. In other words, the psychometric test may
provide a less accurate and reliable measure of the construct it is designed to measure.
The LSAT is designed to measure “acquired verbal reasoning and reading skills,” (LSAT & LSDAS,
2002). It is presumed that this construct is relevant to law school performance, particularly during the first
year. Although there is some empirical evidence (Schnipke & Scrams, 1999a) and anecdotal evidence from
LSAT study aids (e.g., Martinson, 2002, p. 12; Robinson & Tallia, 2002, p. 3; White, 2000, p. 63) that the
LSAT may include a significant speededness component, this issue has garnered relatively little interest
from researchers.
One explanation for the scant attention paid to the speededness issue is the efficacy of the LSAT as it is
currently administered. Numerous correlation studies spanning nearly three decades have shown that the
LSAT is usually a better predictor of law school performance than undergraduate grade-point average
(UPGA). As noted by Anthony and Harris in a recent summary of LSAT correlations studies, the “LSAT
alone continues to be a better predictor of law school performance than [undergraduate GPA] alone” (1999,
p. 14). Moreover, in the two-variable regression model used by most U.S. law schools to predict first-year
performance—and thus make admissions decisions—the LSAT is usually the dominant variable (e.g.,
Anthony and Harris, 1999; Wightman, 2000). Thus, even if the LSAT is affected by a speededness confound,
it could be argued that correcting it will only make the LSAT a more accurate predictor of law school
performance. Since the LSAT is already the best predictor available, researchers might reasonably assume
that any improvement in predictive validity would have little practical consequence.
This study considers a possibility that goes beyond a relatively straightforward speededness confound.
Specifically, this study examines the hypothesis that both the LSAT (the predictor variable) and law school
exams (the criterion variable) are affected by a significant speededness variable. This study posits that
performance on both the LSAT and actual law school exams are affected by at least two variables: (1) verbal

Associate Professor of Law, Indiana University School of Law—Bloomington. I would like to thank the Law School Admission Council
(LSAC) for its fmancial support of this project. In addition, Deborah L. Schnipke of Virtual Psychometrics provided invaluable
assistance in the preparation and analysis of the data set. Finally, I would like to thank Harold KIent and Katherine Baker, who made it
possible for me to work full time on this project during my visiting appointment at Chicago-Kent College of Law.
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reasoning and reading skills, and (2) test-taking speed. Therefore, if time constraints are relaxed on the
predictor variable (LSAT) or the criterion variable (law school exams), the hypothesis predicts that the
correlation between LSAT and law school grades will decline at statistically significant levels. In other
words, part of the predictive validity of the LSAT may be attributable to test-taking speed rather than a
loading of acquired verbal reasoning and reading skills, which is the construct the LSAT is designed to
measure. If this situation is true, we are then confronted with the more difficult question of whether there is
a sound educational or theoretical basis for emphasizing speed on law school exams.
To illustrate the potential relationship between (1) test-taking speed and the LSAT, and (2) test-taking
speed and law school performance, I have provided two stylized examples. In the first example, which uses
the “rapid-guessing behavior”/“solution behavior” terminology developed by Schnipke and Scrams
(1999b), two law school candidates, Anderson and Benton, take the same LSAT exam on the same day.
TABLE 1
Hypothetical comparison of two students with 160 LSAT score
LSAT Exam
Anderson
Number attempted
101
Answered correctly
71
Accuracy
70.3%
Number of rapid guesses
0
Number right through rapid guesses
0
Raw score
71
LSAT score
160
Percentile
84th

Benton
75
66
88.0%
26
5
71
160
84th

As summarized in Table 1, Anderson reaches all 101 questions and thus engages in solution behavior
for all test items. Anderson answers 71 questions correctly, which results in an LSAT score of 160
(~84 percentile). When engaging in solution behavior, Anderson’s accuracy is 70.3%. In contrast, Benton
reaches only 75 questions, answering 66 correctly. However, during the last minute of each section, Benton
fills in the remaining unanswered questions (rapid-guessing behavior). Getting an additional five answers
correct, Benton also achieves a raw score of 71 and an LSAT score of 160. However, when engaging in
solution behavior, Benton’s accuracy is 88.0%. Because both Anderson and Benton received identical LSAT
scores, the logical inference is that they possess similar abilities. However, in this example, it is apparent that
Benton is relatively slow but very accurate, while Anderson is relatively fast but not quite as accurate.
The second example illustrates how differences in test-taking speed and ability might be differentially
affected by law school testing methods that vary along the dimension of time. Consider law school Gamma,
which uses proctored in-class exams for 1/3 of its classes, take homes for the next 1/3, and papers for the
last 1/3. Three law students, Cassidy, Donaldson, and Edmonds, all have identical LSAT scores and UGPA.
Upon graduation, each student also has an identical 3.67 grade-point average, once again raising the
presumption that they have similar abilities.
TABLE 2
GPAs when testing methods are equally proportioned (hypothetical)
GPAs
Cassidy
Donaldson
Test Method
4.33 (A+)
3.67 (A-)
In-class
3.67
(A-)
3.67 (A-)
Take-homes
3.00
(B)
3.67
(A-)
Papers
3.67
(A-)
3.67
(A-)
Total LGPA

Edmonds
3.00 (B)
3.67 (A-)
4.33 (A+)
3.67 (A-)

However, as shown in Table 2, when their law school transcripts are disaggregated, the following
pattern is evident. Cassidy does the best on in-class exams (4.33) and the worst on papers (3.00). Edmonds
does the best on papers (4.33) and the worst on in-class exams (3.00). Finally, Donaldson does strong but not
exceptional work on all three testing methods (3.67).
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TABLE 3
GPAs when majority of classes use in-class exams (hypothetical)
Proportion (%)
GPAs
In-class/Take-home/Papers
Cassidy
Donaldson
33/33/33
3.67
3.67
50/25/25
3.84
3.67
62/18/20
3.95
3.67
79/7/14
4.09
3.67

Edmonds
3.67
3.51
3.39
3.23

In this hypothetical, the identical 3.67 GPA for Cassidy, Donaldson, and Edmonds is entirely attributable
to the arbitrary assumption that each testing method is given in equal 1/3 proportions. As shown in Table 3,
when the proportions are more heavily weighted toward the in-class exam, which is the dominant testing
method at most U.S. law schools, the grade averages begin to diverge sharply. Under a regime in which 50%
of all credits are earned by taking in-class exams and the remaining credits are divided between take-home
exams (25%) and papers (25%), Cassidy emerges as the better student. Although Cassidy’s 3.84 average may
not be markedly different than Edmond’s 3.51 average, a wide variety of academic and career opportunities
(e.g., law review membership, judicial clerkships, commencement honors, interviews with prestigious law
firms, etc.) often hinge on relatively small variations in law school grades. When reliance on in-class exams is
increased further, the gap between Cassidy, Donaldson, and Edmonds widens even more. In terms of the
present study, the 62/18/20 testing regime reflects the proportion of each testing method found at the
national law school. Similarly, the 79/7/14 testing regime reflects the proportion of each testing method at
the regional law.
The question this thought experiment is designed to raise is whether Cassidy is objectively the best
student. All other factors being equal, the employment market will likely treat Cassidy as a more desirable
candidate than Donaldson or Edmonds. However, if law school Gamma migrated away from proctored
in-class exams and toward assigned papers, Edmonds would emerge as the better student and the market
would respond accordingly. Yet, a priori, there is no clear educational or theoretical basis for preferring one
candidate over another. A related issue is whether differential patterns of performance are potentially
suggestive of a student’s ability to excel in a specific type of legal practice (e.g., appellate practice, trial practice,
transactional practice). A third area of consideration is whether this information would potentially alter the
hiring preferences or practice assignments of legal employers. For example, would a relatively low grade
average on in-class exams be more readily discounted if a candidate’s grades also reflected a superior writing
ability? The disaggregation process may provide insights on a student’s particular strengths and weaknesses.
Literature Review
The relationship between speed and intelligence is a topic that has produced an extensive amount of
research. During the early 1900s, when aptitude and achievement tests were first being developed, theorists
generally believed that speed and accuracy (i.e., ability to select correct answers) reflected the same underlying
construct of general intelligence, thus implying “that it does not matter whether a test-taker’s ability is measured
on the scale of accuracy (power), a scale of speed, or some combination of the two,” (Schnipke & Scrams, 1999b,
p. 8, citing well-known work by Charles Spearman, The Abilities of Man (1927), as an example of this view). With
the widespread adoption of aptitude tests, time limits became relatively commonplace, primarily for
administrative convenience (Morrison, 1960). Because speed and accuracy were viewed as different
manifestations of the same underlying construct, it was assumed that time limits were irrelevant to test results.
Since the late 1930s, a vast amount of research has demonstrated that speed and accuracy are in fact
separate variables. For example, in the exhaustive analysis of every major study on cognitive speed since the
early 1900s, Carroll (1993) concluded that “[e]mpirically, pure (or nearly pure) measures of speed and level
abilities [i.e., ability to accurately perform difficult tasks] tend to have very low or even zero intercorrelations,”
(p. 507). Within the psychometric field, there is a general consensus that the results of an aptitude or
assessment test can be confounded if the speededness component is too large (e.g., Bridges, 1985, p. 34;
Kline, 2000, p. 35; Mollenkopf, 1960, p. 229; Schnipke & Scrams, 1999c, p. 11; Wesman, 1960, p. 272).
On tests of reasoning ability, such as the LSAT, speededness is usually determined by the number of
unanswered questions remaining on a test (Schnipke & Scrams, 1999a; Wightman & Muller, 1990a). If a
substantial majority of test takers complete all questions within the allotted time, then the speededness
component is generally assumed to be negligible. However, when a test score is based only on the number of
correct answers, which is the method used for the LSAT, test takers have an incentive to rapidly complete all
unreached items before time expires, or to adopt pacing strategies that compromise accuracy in order to
attempt more test items. Not surprisingly, in a recent report published by the LSAC, Schnipke and Scrams
noted that the current measure “probably underestimates the true amount of speededness on the test,”
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(1999a, p. 1). Schnipke and Scrams further observed, “The primary function of the LSAT is not to measure
the rate of work (speed), thus speededness is considered an ancillary variable. To know how great an effect
this ancillary variable has on test scores, an accurate measure of speededness is needed,” (Id.).
To date, the most accurate assessment of speededness appears to be the two-state mixture model
developed by Schnipke and Scrams. Relying on data collected on the logical and analytical reasoning items
from a nonadaptive computerized version of the GRE, which are “very similar to two of the item types (with
the same name) on the current LSAT,” (1999a, p. 1), Schnipke and Scrams matched together observations for
both item accuracy and item response times. Using probability density functions, which plotted response
times on the x axis, and accuracy and proportion of test takers on the y axis, Schnipke and Scrams observed
a single-mode distribution on the first half of the test, which they hypothesized reflected solution behavior
by the vast majority of test takers. However, on the second half of the test, beginning at item 12 on a
25-question section, two modes were observed. The first mode, which the study associated with
rapid-guessing behavior, consisted of relatively fast response times and a low rate of accuracy (less than
random). In contrast, the second mode, which the study associated with solution behavior, was comprised of
longer response times and a relatively high rate of accuracy.
Overall, Schnipke and Scrams observed that only 15% of test takers failed to reach the last item on the
test. This finding represents a relatively modest level of speededness under the traditional measure.
However, the two-stage mixture model revealed that up to 53% engaged in rapid-guessing behavior,
presumably in response to time constraints. Further, Schnipke and Scrams found that the “underlying
rapid-guessing distribution appears to be the same regardless of item content, difficulty, length, or other
item characteristics,” (1999a, p. 14). Bhola, Plake, and Roos have calculated that the optimal time limit on a
nonadaptive GRE would permit 75% of all test takers to complete the test under power conditions, with the
remaining 25% working under speeded conditions. It is, therefore, not surprising that Schnipke and Scrams
concluded their study with the following observation:
Time limits are useful for administrative reasons and scheduling purposes, and if the
time limits are liberal enough, there may be few negative consequences. Determining if the
time limit is adequate is crucial. If nearly all test takers are able to consider fully most of the
items (i.e., engage in solution behavior), the time limit has little effect on test scores, in which
case the degree of speededness is very small and can be ignored. This was not the case on
the test analyzed in the present study; it was largely affected by the time limits (1999a, p. 16).
Because these findings are based on test items and time limitations very similar to the LSAT, it is possible
that the LSAT may also contain a relatively large speededness component.
Although the presence of a significant speededness component on a univariate power test will ordinarily
result in a less reliable measure of the underlying construct, a speeded power test may still be a relatively
reliable predictor of performance on various reasoning tasks that are also performed under speeded conditions
(Baxter, 1960; Kendall, 1964). This situation could occur if significant time constraints are imposed on both the
predictor (LSAT) and the criterion measure (law school grades). As a result, it is possible that the relatively high
correlation on most LSAT validity studies may be partially attributable to test-taking speed rather than a
loading of the underlying construct (i.e., “acquired verbal reasoning and reading skills,” LSAT & LSDAS, 2002).
As noted earlier, most LSAT validity studies focus on the correlation between law school grades and the
LSAT, UGPA, and a typically more robust LSAT/UGPA regression model. If the LSAT is a heavily speeded
test, but actual law schools exams are power tests largely unaffected by time constraints, we might expect
the correlation coefficient of the LSAT to be too low. Yet, the absence of significant time pressure on law
school exams is probably an unrealistic assumption.
Although this issue has not been a topic of systematic investigation, there appears be a general
consensus among law professors that time pressure is a standard component of most law school exams. For
example, in a comprehensive critique of traditional law schools exams (“Blue Books”), Kissam observed that
“the concept of time constraint is the most widely shared characteristic of law school exams,” (1989, p. 438).
Kissam further commented:
Blue Book exams clearly emphasize speed in performance. With some law professors,
this emphasis stems from time constraints they impose on Blue Book exams for no particular
reason, other than tradition. This emphasis also may stem from a conscious belief among
many law professors that speed or quickness is important to many legal situations and
should be measured by Blue Book exams.
In major part, however, this emphasis on speed stems from a more obscure source. ...
This source is the perceived need of many schools and professors to impose grading curves
with many distinctions on examination performances in individual courses. Multiple grade
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categories can be generated and explained to students most easily by establishing the
final exam as a race and then observing the order in which contestants cross the finish
line. ... Yet, treating Blue Book exams as a race, while possibly a good measure of speed,
is unsound as educational practice and may even fail to measure accurately the qualities
it purports to measure (1989, p. 453).
Kissam’s observations are corroborated by other legal academics. In several commercial study aids on law
school exams written by law professors, a common theme is the importance of developing a strategy to cope
with significant time pressure (e.g., Fischl & Paul, 1999, p. 244–45; Shapo & Shapo, 1996, p. 171; Whitebread,
1995, p. 9).
A speed variable that affects both the LSAT and law school grades may also partially account for
patterns in variance that have emerged on LSAT validity studies. For example, in a large-scale study recently
published by the LSAC, Wightman (2000) found that the standardized LSAT beta weights (b LSAT ) in the
traditional LSAT/UGPA regression equation tended to slightly drop after the first year, whereas the UGPA
beta weights (b UGPA ) tended to increase, often at statistically significantly levels (Table 5, page 18). Although
Wightman found that “the LSAT score and the UGPA, in combination, were related to cumulative LGPA at
approximately the same level as they were related to first-year LGPA,” (2000, p. 2), this result occurred
because of changes in the underlying beta weights between the year 1 and years 1–3, usually by increasing
the weight assigned to UGPA. An earlier study by Powers (1982) reported similar findings, with the relative
importance of UGPA as a predictor increasing during the second and third year of law school and the
importance of LSAT gradually decreasing. Although Powers theorized that these findings may be explained
by a variety of factors, including the possibility that UGPA reflects, in part, persistence and motivation,
another explanation is that less time-pressured papers and take-home exams may be more prevalent during
the second and third years. In other words, the strength of correlation between the LSAT and law school
grades may vary in proportion to the number of grades that are determined by speeded in-class exams.
In order to accurately contextualize the relationship between the LSAT and law school performance, it is
important to distinguish between two concepts of test validity: predictive validity and construct validity.
Predictive validity, which is the threshold used in most LSAT validity studies, is concerned with the strength of
the correlation between the predictor and the criterion measure. A consistent positive correlation is usually
sufficient to establish predictive validity (Kline, 2000, p. 32–33). In contrast, construct validity, which is much
more difficult to establish, refers to the ability of a test to measure a specific trait (i.e., construct) possessed by
the test taker. Construct validity formulates a clear theoretical description of the trait being measured (construct
theory), which is relied upon to generate hypotheses about the test results; these results are then empirically
tested (Kline, 2000, p. 37; Messick, 1990, p. 14–19). In essence, construct validity is a process that provides
evidence that a test actually measures the individual characteristic it purports to measure (Id.).
In the context of the LSAT and law school testing methods, construct validity can be conceptualized at two
distinct levels. On the first level, the LSAT is designed to measure acquired verbal reasoning and reading skills,
which is a construct presumably relevant to law school success. The LSAT is therefore a test that is used to
predict performance on future tests/exams and writing assignments administered during law school.
The second level of construct validity focuses on the relationship between law school testing methods
and the intellectual tasks and abilities that are relevant to the practice of law. Law school testing methods are
designed to measure acquired legal knowledge and analytical ability, which is a construct presumably
relevant to the practice of law. However, while it may be argued that lawyers work under intense time
pressure, it is unclear whether the time pressure of in-class exams accurately reflects the practice
environment. Blue Book exams require a relatively rapid analysis written within a short time period (e.g.,
three hours). In terms of organization, quality of analysis, and polished prose, a student response on in-class
exam is unlikely to resemble the type of work product that could be relied upon by a client, another lawyer,
or a court. The time pressure of practice might be better described as managing various tasks and deadlines
in order to produce legal work of sufficient quality to serve a client’s interests. For example, a lawyer might
feel under tremendous time pressure because she has only ten days to submit a brief on a set of complex
legal issues while also responding to other client demands. The time pressure is not encapsulated into
discrete three hour doses; it is systemic. The upshot of this analysis is that performance on take home exams
and papers may be a closer analogue to the practice of law. Thus, a sound construct theory of law school
testing may be at odds with heavy reliance on in-class exams.
The legal academy’s emphasis on speed may also be relevant to the differential performance of white
and minority students on both the LSAT and on actual law school exams. For example, Wightman and
Muller (1990a) examined the number of unreached items on each section of the LSAT by ethnic subgroup
and found a “particularly dramatic” speededness differential between African American, Puerto Rican, and
Hispanic candidates. Similarly, in a study that examined speededness as a potential source of bias on the
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LSAT, Evans and Reilly (1976) found inconclusive evidence that black students may experience
proportionately larger gains compared to whites when given additional time to complete the LSAT.1
The hypothesis examined in this study is whether both the LSAT and traditional law school exams are
affected by a significant speededness component. Yet, if the hypothesis is true, then a differential in testing
speed among ethnic subgroups may be hard to discern from LSAT validity studies. In general, research on
the LSAT has often presented some rather puzzling results regarding minority students. For example,
several studies have documented the tendency of the LSAT to overpredict the performance of minority
students during the first year of law school (e.g., Powers, 1977; Schrader & Pitcher, 1973, 1974; Wightman &
Muller, 1990a, 1990b). Similarly, Wightman (2000) and Powers (1982) found that the LSAT tends to
overpredict the performance of minority students during all three years of law school, though this tendency
is reduced somewhat when UPGA is included in the regression equation. The problem of overprediction
should be compared to the findings of Kidder (2001). After controlling for undergraduate school, major, and
UPGA, Kidder found that minority students in the Boalt Hall applicant pool during the late 1990s scored on
average between 3.6 and 9.1 points lower on the LSAT than their white counterparts.
Different rates of test-taking speed among minority subgroups may partially explain these patterns. For
example, if minority students tend to be more affected by a speededness component and law school exams
are even more speeded than the LSAT, then overprediction may result. Similarly, if most undergraduate
testing methods are unspeeded, then differences in test-taking speed among minority subgroups may result
in systematically lower LSAT scores even though the test takers had virtually identical UPGA from the same
college in the same major. In terms of the present study, this explanation of minority subgroup performance
would be supported if minority students perform significantly better on less time-pressured testing methods
(take-home exams and papers) vis-a-vis white students.2
Finally, a large speededness component on the LSAT may also be relevant to research on LSAT subscore
discrepancies. Subscore discrepancies are performance differentials between the logical reasoning, analytical
reasoning, and reading comprehension sections of the LSAT. Because subscores generally show a strong
intercorrelation, discrepancies are useful in interpreting total test score results. Based on a sample of 39,530
examinees from an actual LSAT administration, Stricker (1993) found that subscore discrepancies did not
significantly track ethnicity, gender, or test familiarity. However, Stricker also found that approximately
one-third of examinees had statistically significant differentials, and that this tendency was greatest among
examinees “who had high total scores on the LSAT, or were older, primarily reflecting the test takers’
deviantly poor performance on the Analytical Reasoning subtest” (1993, p. 1).
The finding that older students tend to do worse on the analytical reasoning portion of the LSAT may be
related to differences in test-taking speed. Although the methodologies of test preparation companies are far
from scientific, one of the leading LSAT study aids singles out analytical reasoning as the most timecompressed on the test, suggesting that many test takers will have time to attempt only three out of four sets
of questions, with the remaining set (roughly six questions) completed through rapid guessing (Robinson &
Tallia, 2002, p. 66). This observation should be compared to findings within the psychometric literature
cautioning that the variable of age must be controlled in correlation studies because “test-taking speed ...
change[s] for the ‘worse’ after early adulthood,” (Jensen, 1998, p. 225).
In terms of the present study, the variable of age may be relevant in explaining differential performance on
testing methods with shorter versus longer time limits. Similarly, because Stricker found that students with
generally high LSAT scores are more prone to large subscore discrepancies on the analytical reasoning portion
of the test, it may be possible that the national law school sample, which contains a very large proportion of
high LSATs, may be relatively homogeneous in terms of reasoning ability but relatively heterogeneous in terms
of student test-taking speed. Thus, within this population, we might expect larger changes in LSAT correlation
coefficients when the LSAT is correlated to testing methods with short versus long time limitations.

Methods
Sample
This study utilized two different data sets drawn from two law schools with different student
populations. For the purposes of this study, the national law school sample refers to the data set drawn from

1

It should be noted, the Evans and Reilly study was limited only to the reading comprehension section of the exam. It is important to
acknowledge that each section type (reading comprehension, analytical reasoning, and logical reasoning) may be subject to its own
degree of speededness.

2

This analysis is presented in the section Results, under subsections Additional Findings Related to Tests-taking Speed, Evidence
based on ethnicity.
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the law school with relatively high UGPA and LSAT scores. In contrast, the regional law school sample
denotes the data set from the law school with mid range UGPA and LSAT scores. The primary reason for
including two law schools in this study is to provide some initial indication of whether any speededness
effect is more likely to operate within a specific range of UGPA or LSAT scores.
The national law school sample, which is summarized in Table 4 according to entering statistics,
ethnicity, gender, and transfer status, contains 379 students who recently graduated from the same elite
national law school. It is important to emphasize that this sample represents a relatively narrow range of the
total population of law school graduates who attended a U.S. law school during the same time period. For
example, 90% of all LSAT scores in this sample are 161 or higher. Similarly, 90% of all undergraduate
grade-point averages (UGPA) are 3.25 or higher. Therefore, the results of this sample cannot be generalized
to other law schools with different student populations.
TABLE 4
Summary of national law school sample by LSAT and UGPA
Size
Population
Sex
Male
Female
Ethnicity
White
Asian/Pacific Islander
Black
Hispanic*
Undeclared
Transfer
Entered as lL
Transferred in
All students in sample

n

%

LSAT Score by Percentile
25th
50th
75th

UGPA by Percentile
25th
50th
75th

233
146

61.5
38.5

165
164

168
167

171
170

3.42
3.48

3.60
3.62

3.77
3.78

264
34
13
18
50

69.7
9.0
3.4
4.7
13.2

165
164
160
161
165

168
168
161
165
169

171
170
166
169
171

3.47
3.51
3.33
3.20
3.46

3.61
3.69
3.51
3.36
3.63

3.78
3.79
3.67
3.59
3.81

343
36
379

90.5
9.5
100.0

165
157
164

168
161
168

171
166
171

3.49
2.99
3.45

3.63
3.29
3.61

3.79
3.47
3.77

*This category includes students who identify themselves as Mexican, Puerto Rican, or Other Hispanic.

The restricted range of ability in the national law school sample, as evidenced by the large proportion of
high LSAT scores, has the potential of distorting the relative importance of the LSAT and UGPA as predictors
of law school performance. In general, the LSAT becomes a better predictor of law school performance (i.e., it has
a higher correlation with law school grades) as the range of LSAT scores (and thus ability) becomes wider
(Wightman, 1997, p. 33). In contrast, when the range of LSAT scores is relatively restricted, as in this population,
the LSAT will become a less accurate predictor of law school performance. Although UPGA may be similarly
affected by range restriction, a visual inspection of LSAT and UGPA percentiles as reported in U.S. News & World
Report suggests that the range of overlap of LSAT scores between law schools is generally smaller than the range
of overlap of UGPA.
The potential effect of LSAT range-restriction on the national law school sample can be observed when we
compare the transfer student population to the sample as a whole. Among the entire student population, which
has a relatively narrow LSAT range, the correlation between LSAT score and final law school grade-point average
(LGPA) is a relatively modest .194. However, within the transfer student population, which had a lower median
LSAT score and a much broader range (see Table 4), the correlation between LSAT scores and LGPA is .476.
Similarly, while UPGA was a more robust predictor of LGPA for the national law school sample as a whole (see
Tables 9 and 16, infra), UPGA had no statistically significant predictive force among the transfer students.3
The regional law school sample, which is summarized in Table 5, is approximately 50% larger than the
sample drawn from the national law school. The regional law school sample contains 604 students who
recently graduated from the same regional law school. Of these 604 students, approximately 153 entered law
school as part-time evening students. Although these students had, on average, slightly lower UGPA and
LSAT scores than the day students, a substantial minority eventually entered the full-time day program.
Moreover, after the first year of law school, it was not uncommon for day students to take night classes and
for night students to take day classes. As a result, the regional law school sample has limited value for
analyzing distinctions between these two groups.

3

The poor predictive ability of UGPA among transfer students should not be surprising. The students are generally admitted based
upon a strong first-year performance; thus, as a group, they are probably more likely to outperform their predicted performance based
on LSAT and UGPA.
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TABLE 5
Summary of regional law school sample by LSAT and UGPA
Size
Population
Sex
Male
Female
Ethnicity
White
Asian/Pacific Islander
Black
Hispanic*
Undeclared
Transfer
Entered as IL
Transferred in
Day/Evening
Entered as full-time day
Entered as part-time eve
All students in sample

LSAT Score by Percentile
25th
50th
75th

UGPA by Percentile
25th
50th
75th

49.8
50.2

150
149

153
153

157
156

2.79
2.86

3.08
3.11

3.32
3.42

486
31
28
24
35

80.5
5.1
4.6
4.0
5.8

150
151
146
146
149

154
153
149
149
152

157
155
154
153
155

2.85
2.70
2.66
2.79
2.86

3.11
2.93
2.96
2.99
3.11

3.38
3.14
3.41
3.29
3.36

587
17

97.2
2.8

150
147

153
151

157
157

2.83
2.70

3.10
3.05

3.38
3.28

451
153
604

74.7
25.3
100.0

150
147
150

154
152
153

157
156
157

2.88
2.72
2.83

3.11
3.03
3.10

3.38
3.36
3.37

n

%

301
303

*This category includes students who identify themselves as Mexican, Puerto Rican, or Other Hispanic.

In the process of assembling the data set, we coded for a variety of variables that may be useful to this
project or other future research. In addition to LSAT, UGPA, sex, ethnicity, and transfer status, both the
national and regional law school samples include variables for (a) age upon entry to law school, (b)
undergraduate major (four categories), (c) whether the student attended an elite or non-elite undergraduate
institution,4 and (d) whether the student earned a graduate degree before entering law school. A summary of
these categories is presented in Table 6.
TABLE 6
Breakdown by age, major, undergraduate school, and graduate degrees
Characteristic Breakdown
National Law School
Age
Mean
24.4
Median
23.5
Range
20–42
Undergraduate major
Liberal Arts
35.9%
Social Science
46.9%
Business/Accounting
4.7%
Science/Engineering
12.6%
Undergraduate school
Elite
56.8%
Non-elite
43.2%
Graduate degree
Earned before law school
5.5%
No graduate degree
94.5%

Regional Law School
25.7
24.0
20–58
31.6%
41.4%
11.4%
14.2%
11.6%
88.4%
8.1%
91.9%

Finally, the data sets for both the national and regional law school samples are very detailed. The
national law school sample contains approximately 17,700 individual grades from actual law school courses,
seminars, clinics, and independent research projects. Of these 17,000 individual grades, approximately 11,300
were given to students in the sample group. The regional law school sample contains approximately 26,000
individual grades; of these, approximately 15,300 were given to students in the sample group. In both the
national and regional law school samples, the nonsample grades correspond to students who took classes
during the relevant time period but were either LL.M. students or J.D. students from a different graduating

4

Using charts in America’s Best Colleges (U.S. News & World Report, 2003), the author labeled 40 colleges and universities as “elite”
based on SAT scores and acceptance rates. All other undergraduate institutions were labeled non-elite. Students were then
coded accordingly.

10

class. The larger data sets were needed to accurately determine the mean, median, number of students, and
grade distribution for each course given during the sample period. Thereafter, we made relevant correlation
and regression calculations from the 11,300 grades in the national law school sample and the 15,300 grades
in the regional law school sample. A summary of average student GPAs by testing method is presented in
Table 7. Histograms for average student GPAs by testing method are also contained in Appendices B and C.
TABLE 7
Summary statistics of average grades by testing method, national and regional law school samples
Statistic on GPA by testing method
GPA (In-class)
GPA (Take-home)
National
N
379
377
Mean
3.08
3.18
Median
3.06
3.18
Standard Deviation
.269
.293
Minimum
2.20
1.70
Maximum
3.87
4.10
Regional
N
603
482
Mean
3.00
3.14
Median
2.99
3.18
Standard Deviation
.395
.504
Minimum
1.89
1.00
Maximum
3.93
4.30

GPA (Papers)
379
3.42
3.44
.23
2.54
4.00
601
3.24
3.25
.373
1.83
4.00

Analysis Methods
The central hypothesis of this project is that test-taking speed is a variable that affects performance on
both the LSAT and law school exams. However, because this variable cannot be directly and unobtrusively
measured under actual test conditions, this project relies upon a two-phase methodology to indirectly assess
the possible effect of test-taking speed. In phase 1, student performance is disaggregated into three discrete
averages: in-class exams (~3 hours), take-home exams (~8 to 24 hours), and assigned papers. LSAT and
UGPA correlation coefficients are then generated for each testing method. Because time constraints on the
LSAT are most similar to in-class exams, the hypothesis on test-taking speed is supported if the LSAT is a
significantly better predictor of performance on in-class exams than less time compressed take-home exams
and papers. In other words, the following relationships should emerge.
(Rin-class > Rtake-home > Rpaper) or (Rin-class > Rtake-home & paper)
A “z” test is used to determine whether the divergence between the correlation coefficients is statistically
significant. If this initial hurdle is cleared, the project moves to phase 2. In phase 2, the objective is to create
regression equations that predict performance on each testing method. These equations are then used to
create a model of law school performance that effectively includes testing method as a variable. The
equations for predicting performance on each testing method can be summarized as follows:
GPA In-class = kin-class + bl (LSAT) + b2(UGPA)
GPAtake-home = ktake-home + b3(LSAT) + b4(UGPA)
GPApaper = kpaper + b5(LSAT) + b6(UGPA)
Cumulative law school average (GPAlaw) is then predicted based on the proportion of law school credits
(P), specific to each student, that is attributable to each testing method. It should be noted that a small
proportion of grades in the sample were given in clinical classes (national, 2.5%; regional, 5.2%) or in classes
in which the testing method was unknown (national, 1.0%; regional, 0.2%). Therefore, regression equations
were generated for these categories as well. For all students in the sample,
Pin-class + Ptake-home + Ppaper + Pclinic + Punk. equals 1.0.
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The disaggregated model for predicting law school performance takes the following form:
GPAlaw = PIn-class(GPAIn-class) + Ptake-home(GPAtake-home) + Ppaper(GPApaper) + Pclinic(GPAclinic) + Punk. (GPAunk.)
Next, the predictive power of the disaggregated model is compared to the predictive power of the
traditional LSAT/UGPA regression model, which is based on all testing methods combined. For reasons of
clarity, the traditional LSAT/UGPA regression model is referred to as the aggregated model. Correlation
coefficients for both the disaggregated model (RD) and aggregated model (RA) are calculated based on actual
GPAlaw and predicted GPAlaw. If the difference between RD and RA is both positive (RD – RA > 0) and
statistically significant, it is presumed that testing method is a variable within that sample group. The
variance in law school performance attributable to testing method is therefore the difference between (RD)2
2
and (RA) . That said, even if there are large differences in how the LSAT and UGPA predict each testing
methods, the disaggregated model is limited by the proportion of testing methods in each sample. In other
words, if one testing method dominates the sample, there may be very little to disaggregate.
Finally, when interpreting results from phases 1 and 2, it is important to distinguish between two
variables: testing method and test-taking speed. Specifically, this project is designed to measure how well the
LSAT and UGPA predict first-year and overall law school performance on different testing methods as
defined by time allowed (in-class exams, take-home exams, papers). Thus, in a narrow sense, testing method
is the variable that is being directly isolated. In contrast, the test-taking speed hypothesis predicts that the
LSAT will be a robust predictor of in-class exams and a less accurate predictor of take-home exams and
papers. In the case of in-class exams, this divergence might occur because both the predictor variable (LSAT)
and criterion variable (law school grades) are both affected by a relatively large speededness component. In
turn, when test-taking speed becomes less important to student performance (presumably on take-home
exams and papers), the LSAT loses some of its predictive ability. Insofar as this pattern emerges from the
sample data, the test-taking speed hypothesis is indirectly supported.5
Because the data from the national and regional law schools generally produced positive results during
phases 1 and 2, this project also included some additional analyses designed to corroborate or rebut the presence
of a test-taking speed variable. The methods relevant to each inquiry are presented with the results below in
subsection, Additional Findings Related to Test-taking Speed.

Results
The results of this study are organized in three subsections: the first presents the results of Phase 1; the
second presents the results of Phase 2; and the last subsection under this section includes the results of
various subsidiary analyses designed to corroborate or rebut the presence of a test-taking speed variable on
both the LSAT and law school exams.
Phase 1: LSAT and UGPA Correlation Coefficients by Testing Method
In phase 1, student grades were disaggregated according to three distinct testing methods: (1) in-class
exams, (2) take-home exams, and (3) assigned papers.6 Although both law schools utilized these testing
methods, it should be emphasized that the national and regional law schools reflected distinctively different
testing norms that limit the comparability of the two data sets. For example, in-class exams at the national
law school tended to be conducted under more stringent time limits. In-class exams at the regional law
school also frequently included a mixture of multiple choice and essay questions. In contrast, this format
was relatively rare at the national law school. Table 8 is a comparison of in-class exams by law school.

5

The test-taking speed hypothesis could be directly tested by (a) giving each student a test that measured test-taking speed and (b)
correlating these results with LSAT scores and actual law school performance. A similar method was used by Baxter (1960). However,
this direct method would be difficult to implement for a relatively large sample size attending the same law school during the
same period.

6

In both the national and regional law school sample, the disaggregation process included clinical courses and courses in which the
testing method could not be reliably determined (“unknown”). Although these categories were used to calculate law school averages,
they are not directly relevant to the hypothesis on test-taking speed.
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TABLE 8
Characteristics of in-class exams by law school
Characteristic
Average time
Median time
Standard deviation
Range
Percentage with some or all multiple choice or true/false

National Law School
2 hours, 52 minutes
3 hours
21 minutes
1.5 to 4 hours
5.1%

Regional Law School
3 hours, 15 minutes
3 hours
35 minutes
1.5 to 5 hours
44.9%

The national and regional law schools also had distinctively different norms regarding take-home
exams. For example, the vast majority of take-home exams at the national law school (95.8%) were given
over an 8-hour time period, usually with a specific word or page limit.7 In contrast, take-home exams at the
regional law school were usually administered over a 24-hour time period. Although we were unable to
obtain accurate time limits for all take home exams in the regional law school, some faculty members
recalled time limits that extended over more than one week of the exam period. In fact, one faculty member
stated that his take-home exams were very similar to paper assignments, with the exception that students
were responding to specific test questions. Finally, it should be noted that take-home exams were much more
common at the national law school. Only 6.2% of all credits hours at the regional law school were given in
courses using take-home exams compared to 15.2% at the national law school. The relatively low number of
take-homes at the regional law school also means that the idiosyncrasies of a relatively small number of
faculty members (who wrote and graded these exams) exert a stronger influence on the sample and make
the results less reliable.
Attention should be paid to the above limitations when making comparisons between the two law
schools. That said, the disaggregated LSAT and UGPA correlations coefficients for the national and regional
law schools are presented in Tables 9 and 10 respectively.
TABLE 9
Correlation coefficients for LSAT and UGPA with grades by testing method, national law school sample, year 1, and years 1–3
RLSAT
RUGPA
RUGPA
Testing Method
RLSAT
n
n
2,293
6,929
In-class exams
.236**
.291**
.265**
.296**
416
1,725
Take-home exams (~8 hours)
.107
.270**
.148**
.231**
354
2,261
Assigned papers (untimed)
.006
.200**
.057
.192**
3,063
10,915
All methods
.230**
.323**
.194**
.262**
*Significant at p = .05, **Significant at p = .01

TABLE 10
Correlation coefficients for LSAT and UGPA with grades by testing method, regional law school sample, year 1, and years 1–3
Testing Method
In-class Exams
Take-home exams (~24 hours)
Assigned papers (untimed)
All methods

RLSAT
.480**
.310**
.347**
.488**

Year 1
RUGPA
.269**
.102
.324**
.297**

n
3,249
153
1,138
4,540

RLSAT
.453**
.182**
.285**
.446**

Years 1–3
RUGPA
.323**
.191 **
.333**
.347**

n
10,232
996
2,837
14,065

*Significant at p = .05, **Significant at p = .01

When comparing Tables 9 and 10, the most striking difference is that the predictive power of the LSAT
varies significantly between the two samples. In the regional law school sample, the LSAT is clearly a more
robust predictor, with a .488 correlation on all methods during year 1 and a .446 correlation in years 1–3.
Moreover, during both of these time periods, the LSAT was a stronger predictor than UGPA. The LSAT and
UGPA correlation coefficients for the regional law school are very similar to those reported in recent validity
studies (e.g., Anthony and Harris, 1999; Wightman, 2000). In contrast, the LSAT correlations for all methods
in the national law school sample are relatively weak. Thus, the UGPA emerged as the stronger predictor on
all testing methods during both years 1 and years 1–3 of law school. This result is contrary to most LSAT
7

It is unclear whether the decision to give a take-home rather than an in-class exam is, more often than not, based on a belief that one
method is a better measure of student performance. According to the registrar at the national law school, faculty members’ primary
rationale for giving take-home exams was either (a) to ensure typewritten responses or (b) to facilitate student answers that were better
written and organized. Obviously, both of these outcomes make the exams less onerous to grade.
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validity studies. However, as noted earlier, the lower correlations are probably the result of LSAT range
restriction (see above). Yet, despite the different predictive power of the LSAT in each sample, it is noteworthy
that the UPGA correlation coefficients for the national and regional law school are fairly similar.
Phase 1 results, national law school sample. In the national law school sample, the predicted pattern of
divergence of LSAT correlations is both present and statistically significant. As shown in Table 11, the
LSAT correlation coefficient is highest for in-class exams and progressively declines as we move to
take-home exams and papers. For year 1 and years 1–3, the following relationship is present:
(Rin-class > Rtake-home > Rpaper).
TABLE 11
Comparison of LSAT correlation coefficients, national law school sample
Rin-class
Rtake-home
Year 1
.236**
0.107
Years 1–3
.265**
.148**

Rpaper
0.006
0.057

*Significant at p = .05, **Significant at p = .01.

Using a z test, the LSAT correlation coefficients for in-class exams and take-home exams are statistically
different during year 1 and years 1–3 (p = .01). However, the LSAT correlation coefficients for take-home
exams and papers are statistically different only during years 1–3 (p = .01).
In contrast to LSAT scores, UGPA was significantly correlated with law school performance on all three
testing methods. One of the hypotheses of the proposal phase of this study was that UPGA would have more
predictive power on papers and take-home exams and less predictive power on in-class exams
(Rin-class < Rtake-home < Rpaper). This relationship was based on the theory that most undergraduate testing
methods are less time pressured than a traditional law school Blue Book exam. However, within the national
law school sample, the exact opposite pattern emerged (Rin-class > Rtake-home > Rpaper). These values are
compared in Table 12.
TABLE 12
Comparison of UGPA correlation coefficients, national law school
Rin-class
Rtake-home
Year 1
.290**
.270**
Years 1–3:
.296**
.231 **

Rpaper
.200**
.192**

*Significant at p = .05, **Significant at p = .01.

Using a z test, the UPGA correlation coefficients for in-class exams and take-homes are statistically
different only during years 1–3 (p =.01). The correlation coefficients for in-class exams and papers are
statistically different for year 1 (p = .05) and years 1–3 (p = .01). The correlation coefficients for take-home
exams and papers are not statistically different for any time period.
Phase 1 results, regional law school sample. In the regional law school sample, performance on in-class
exams once again produced the strongest correlations with the LSAT scores. In contrast to the national law
school sample, grade averages for papers rather than take-homes produced the second highest correlations
during both year 1 and years 1–3, suggesting that the variance between testing methods was something
more than a pure time variable. However, the LSAT correlation coefficient still fit one of the two predicted
relationships (Rin-class > Rtake-home & paper). A comparison of LSAT correlation coefficients is set forth in Table 13.
TABLE 13
Comparison of LSAT correlation coefficients, regional law school sample
Rin-class
Rtake-home
Year 1
.480**
.310**
Years 1–3
.453**
.182**

Rpaper
.347**
.285**

*Significant at p = .05, **Significant at p = .01.

Using a z test, the correlation coefficients for in-class exams were statistically different than take-home
exams and papers for both year 1 and years 1–3 (p = .01). The difference between take-home exams and
papers was only statistically significant for years 1–3 (p = .01). In the regional law school sample,
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performance on papers produced the highest correlation with UGPA during both year 1 and years 1–3. As
shown in Table 14, the lowest correlations were consistently obtained on take-home exams.8
TABLE 14
Comparison of UGPA correlation coefficients, regional law school
Rtake-home
Rin-class
Year 1
.269**
0.102
Years 1–3
.323**
.191**

Rpaper
.324**
.333**

*Significant at p = .05, **Significant at p = .01.

Using a z test, the UPGA correlation coefficients for in-class exams and take homes are statistically
different for year 1 (p = .05) and years 1–3 (p = .01). The correlation coefficients for in-class exams and papers
are also statistically different for year 1 (p = .05) but statistically the same for years 1–3. Finally, the correlation
coefficients for take-home exams and papers are statistically different for year 1 and years 1–3 (p = .01).
Phase 1, comparison of national and regional law school sample. When comparing the two samples, one of the
most striking findings is the relatively strong correlation between the LSAT and GPApaper at the regional
school versus no relationship at the national law school. However, upon closer inspection of the regional law
school sample, it was discovered that the LSAT correlation for first-year legal writing and research, which
was the only class graded by paper in year 1, was significantly higher than the correlation for other courses
graded by paper. Moreover, because students at the regional law school generally earned a relatively small
number of credits by writing papers, the grade in first-year legal writing exerted a strong effect on the
correlation coefficient for all papers during years 1–3. Table 15 summarizes the LSAT correlation coefficients
after disaggregating courses graded by paper.
TABLE 15
LSAT correlation coefficients for paper courses, national and regional law schools
Paper Course
National Law School Regional Law School
First-year required legal writing
.036
.347**
Second-year required legal writing
n/a
.106*
Seminars and elective courses
.053
.124**
*Significant at p = .05, **Significant at p = .01.

In the national law school sample, the LSAT was uncorrelated with all paper grades, including the
required first-year legal writing course. In contrast, the regional law school sample produces a fairly high
correlation with first-year required legal writing (.347), which trailed off significantly during the second and
third years of law school (.124 for seminar and elective courses, .106 for second-year legal writing). However,
because first-year legal writing accounted for 44% of all credits earned in paper classes at the regional law
school, the overall correlation coefficient for papers remained relatively high (.285).
The difference between the two samples in terms of LSAT correlation coefficients for papers may be
partially explained by a combination of range restriction and the unique grading criteria for legal writing.
Specifically, first-year legal writing courses generally require students to identify and analyze legal issues
from a hypothetical case. Thus, like a traditional law school exam, students are awarded credit for “spotting”
issues (Whitebread, 1995). However, unlike traditional law school exams, a substantial amount of credit is
also awarded for clear, well-organized prose akin to a brief filed with a court. Thus, at the regional law
school, which has a broader range of ability, a larger percentage of students may fail to correctly identify and
analyze relevant issues, thus leading to a higher correlation with the LSAT. In contrast, it is possible that
students at the national law school are more likely to identify and analyze relevant issues on their first-year
legal writing assignments, thus shifting more of the grading emphasis to writing style and organization.
Under this framework, when the grading criteria is primarily quality of writing and organization (e.g.,
seminars and elective paper courses in the second and third years of law school), the LSAT has little or no
predictive power in either sample.

8

As noted earlier, the relatively small number of take-home exams in the regional law school sample (996) presents the possibility that
the variance between take-homes and other testing methods may be partially explained by the idiosyncrasies of the instructors who
wrote and graded the exams rather than the attributes that are common to the take-home testing method. As the number of grades
within a testing method increase, we become more confident that the results are not unduly influenced by an “instructor variable.”
Thus, the findings of statistical differences between testing methods need to be interpreted with caution.
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Summary of Phase 1 results. At least three significant findings emerge from phase 1. First, within both the
national and regional samples, testing method appears to be a variable that affects the predictive power of
both the LSAT and UGPA. Second, the LSAT’s predictive ability is strongest on in-class exams, which is
probably the most common testing method at most U.S. law schools. Third, the predictive power of the LSAT
declines at statistically significant levels as we move from in-class exams to take-home and assigned papers.
Because these results are consistent with the hypothesis that test-taking speed is a variable affecting both the
LSAT and law school performance, the project moves to phase 2.
Phase 2: Constructing and Testing the Disaggregated Model
In phase 2, the objective is to create a model of law school performance that includes law school testing
method as a variable. This model is referred to as the disaggregated model. However, to establish a clear
point of comparison, we initially calculated the traditional LSAT/UGPA regression model, which is based on
combined grades (the aggregated model). We then generated separate regression equations for in-class
exams, take-home exams, paper courses, clinical courses, and courses in which the method of grading could
not be accurately determined. The proportion of each testing method for each student is then used to predict
individual performance. Finally, to assess the role of testing method in law school performance, the
correlation between actual and predicted law school performance for the disaggregated model (RD) is
compared to the same value for the aggregated model (RA).
Phase 2 results, national law school sample. Table 16 shows the number of students, the standardized beta
weights, and correlation coefficients for each testing method within the national law school sample. The
regression models forced in both the LSAT and UPGA variables even when a stepwise forward regression
would have excluded one of them due to lack of statistical significance.
TABLE 16
Standardized beta weights and correlation coefficients by testing method, national law school sample
Testing method
Aggregated model
In-class exams
Take-home exams
Papers

n
341
341
274
341

Year 1
bUGPA
bLSAT
.243**
.248**
.114
.014

.332**
.300**
.272**
.200**

R
.404**
.381**
.293**
.200**

n
379
379
377
379

Years 1–3
bUGPA
bLSAT
.161 **
.229**
.118*
.031

.240**
.264**
.215**
.192**

R
.307**
.373**
.259**
.195**

*Significant at p = .05, **Significant at p = .01

As reflected in Table 16, one of the most notable results in the national law school sample is that the beta
weights (b LSAT and (b UGPA ) for the aggregated model decline significantly from year 1 to years 1–3 (.404 to
.307) while the correlation coefficients for the individual testing methods decline by much smaller amounts.
Using a z test, the decline in correlation coefficients for the aggregated model is the only change that is
statistically significant. The relative stability of in-class, take-home, and paper regression models from year 1
to years 1–3—both in terms of correlations coefficients and beta weights—is even more surprising when we
recognize that the second and third years of law school are comprised almost entirely of elective courses. In
other words, the regression models for each testing method retain roughly the same predictive ability even
as the underlying subject matter becomes more diverse.
A second important finding reflected in Table 16 is that, within the national law school sample, the LSAT
appears to be a relatively strong predictor of performance on in-class exams and a relatively weak predictor
of performance on take-home exams. Further, the LSAT beta weights for papers are not statistically
significant at p = .05 during year 1 or years 1–3. Similar to the divergence of correlation coefficients in phase 1,
this pattern among LSAT beta weights is consistent with the hypothesis that speed is a variable that affects
performance (i.e., ordinal ranking of students) on both the LSAT and actual law school exams.
The relatively strong predictive power of the LSAT on in-class exams may also explain why the
predictive power of the aggregated model declines after year 1. Specifically, as the mixture of grading
methods migrates away from in-class exams (where the LSAT predicts best) and toward take-home exams
and papers during the second and third years of law school (where the LSAT predicts poorly), the
aggregated model necessarily becomes a less accurate predictor of law school performance. The aggregated
model’s correlation coefficient between predicted GPAlaw and actual GPAlaw was .404 in year 1 and .307 in
years 1–3. As evidenced by the proportions shown in Table 17, this decline may be attributed, at least in part,
to the changing composition of testing methods.
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TABLE 17
Proportion of each testing method, national law school sample
Testing Method
Year 1
Year 2
In-class exams
74.9%
60.3%
Take-home exams
13.6%
16.0%
Assigned papers
11.6%
19.6%
Clinical courses
0.0%
2.6%
Unknown
0.0%
1.5%

Year 3

Years 1–3

52.1%
15.7%
26.6%
4.3%
1.2%

61.3%
15.2%
20.0%
2.5%
1.0%

After using the regression models to calculate a predicted GPA for each student on each testing method,
we used the disaggregated model to calculate predicted GPAlaw for each student in the sample. During year 1,
the disaggregated model did not predict significantly better than the aggregated model. This result may be
attributable in part to the relatively large proportion of in-class exams during year 1. In contrast, the
disaggregated model shows a significant improvement over the aggregated model during years 1–3. During
this time interval, the correlation coefficient between actual GPAlaw and predicted GPAlaw for the
disaggregated model is .358. This value is significantly higher than the correlation coefficient for the
aggregated model (RA), which is .307. As noted earlier, this increased predictive ability occurs because the
disaggregated model effectively includes testing method as a variable. Table 18 shows the change in variance
(R2) as we move from UGPA (the best univariate predictor of GPAlaw in the national law school sample) to
the traditional UGPA/LSAT regression model to the disaggregated model.
TABLE 18
Change in variance when variables are added to model, national law school sample
Year 1
2
2
Independent Variables
R
R
∆ in R
UGPA
.104
.104
.323
UGPA and LSAT
.163
.059
.404
UGPA, LSAT, and testing method
.165
.002
.406

Years 1–3
2
R
.069
.094
.130

R
.262
.307
.358

∆ in R
.069
.025
.036

2

When comparing the change in variance attributable to the LSAT (2.5%) versus the change attributable
to testing method (3.6%), it is clear that, at least for the national law school sample, testing method is a
significant variable that affects law school performance. Scatter plots for aggregated and disaggregated
models for years 1–3 are shown in Appendix D.
Phase 2 results, regional law school sample. Table 19 shows the number of students, the standardized beta
weights, and correlation coefficients for each testing method within the regional law school sample.
TABLE 19
Standardized beta weights and correlation coefficients by testing method, regional law school sample
Testing Method
Aggregated model
In-class exams
Take-home exams
Papers
First-year legal writing
Second-year legal writing
Papers in electives

n
584
580
153
572
572

bLSAT
.473**
.467**
.308**
.331 **
.331 **

Year 1
bUGPA
.275**
.249**
.094
.311 **
.311 **

R
.558**
.539**
.324**
.463**
.463**

n
602
602
481
599

bLSAT
.428**
.438**
.165**
.267**

Years 1–3
bUGPA
.328**
.306**
.181 **
.320**

R
.551**
.544**
.252**
.426**

566
565

.095*
.114**

.219**
.167**

.242**
.207**

*Significant at p = .05, **Significant at p = .01

In contrast to the national law school sample, the aggregated model is a fairly robust predictor of law
school performance during both year 1 (.558) and years 1–3 (.551). The correlations and beta weights are
similar to the correlations found by Wightman (2000) in a recent large-scale validity study, thus suggesting
that the regional law school is a fairly typical sample. The LSAT and UPGA beta weights for in-class exams,
take-homes, and papers are also fairly stable between the year 1 and years 1–3. Although the changes in beta
weights for take-home exams between year 1 and years 1–3 (b LSAT , .308 to .165; (b UGPA , .095 to .188) are
proportionately larger than the changes for other testing methods, this variation is largely attributable to the
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small number of students who took take-home exams during their first year (153). When applying a z test,
none of the changes in the beta weights were statistically significant between year 1 and years 1–3. However,
when averages in paper courses were disaggregated into first-year legal writing, second-year legal writing,10
and papers in seminars and elective courses, first-year legal writing was statistically different from
second-year legal writing (p = .01 for LSAT, p = .05 for UPGA) and elective papers (p = .01 for LSAT, p = .01
for UGPA).
A second important finding reflected in Table 19 is that, within the regional law school sample, the LSAT
has the greatest predictive power on in-class exams during year 1 and years 1–3. However, consistent with
the hypothesis that test-taking speed is a variable that affects performance on both the LSAT and actual law
school exams, the LSAT beta weights consistently declined vis-a-vis testing methods with more generous
time limits. Once again, the fact that b LSAT for take-home exams was smaller than b LSAT for papers suggests
that something more than a pure time variable may be present. Yet, it is noteworthy that the regression
model for papers was dominated by the first-year legal writing courses, which accounted for 44% of all
credits earned in courses graded by papers (see Table 20). When the paper courses are further disaggregated,
we discover that b LSAT for take-homes during years 1–3 (.165) is actually higher than the b LSAT for papers
written in the second and third years of law school (.095 and .114).
After using the regression models to calculate a predicted GPA for each student on each testing method,
we used the disaggregated model to calculate the predicted GPAlaw for each student in the sample. During
year 1 and years 1–3, the disaggregated model failed to predict significantly better than the aggregated
model. When comparing actual GPAlaw and predicted GPAlaw, the year 1 correlation coefficients for the
disaggregated and aggregated models were .558. For years 1–3, the correlation coefficient for the
disaggregated model was .553 versus .551 for the aggregated model. Scatter plots for both models are
contained in Appendix E.
The relative proportion of each testing method may have been one reason why the disaggregated model
failed to emerge as a better predictor. As shown in Table 20, in-class exams, where the LSAT predicts the
best, was the dominant testing method for all years, accounting for 74.6% of all credits earned.
TABLE 20
Proportion of testing methods by year, regional law school sample
Testing Method
In-class exams
Take-home exams
Papers
1st year legal writing
2nd year legal writing
Elective papers
Clinical courses
Unknown

% Year l
80.6%
2.7%
16.7%

0.0%
0.0%

% Year 2
71.9%
8.4%
13.3%

6.3%
0.2%

% Year 3
70.6%
8.0%
10.8%

10.1%
0.5%

% Years 1–3
74.6%
6.2%
13.7%
6.1%
4.2%
3.4%
5.2%
0.2%

% of all Papers

100.0%
44.0%
30.3%
25.7%

The relatively high proportion of in-class exams limits the ability of the disaggregated model to provide
a more accurate prediction of law school performance. For example, if 100% of all credits are earned in
courses with in-class exams, the aggregated model and disaggregated model are, by definition, identical. In
the regional law school sample, 74.6% of all courses were graded by in-class exams. In the national law
school sample, this figure was 61.3% (see Table 17). It is noteworthy that for year 1 of the national law school
sample, the disaggregated model also failed to predict better than the aggregated model. Yet, the proportion
of in-class exams during this time period (74.9%) is very similar to the regional law school sample for all
three years (74.6%).
Phase 2, comparison of national and regional law school samples. As shown in Table 21, a comparison of the
phase 2 results from the two law schools provides evidence that the predictive power of the LSAT is closely
tied to testing method.

9

In the regional law school sample, 153 students took 153 take-homes during the first year. In contrast, 274 students in the national
law school sample took 416 take-homes during the first year.

10

At the regional law school, second-year legal writing consisted of two required legal writing and research courses. At the national
law school, legal writing was only required during the first year.
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TABLE 21
Comparison of regional and national law schools by testing method
National
Testing Method
Proctored in-class
Take-home exams
Papers
All required legal writing
Seminars and elective papers
Clinic courses
Aggregated model

bLSAT
.229**
.118*
.031
.045
.031
.030
.161**

bUGPA
.264**
.215**
.192**
.191**
.167**
–.078
.240**

R
.373**
.259**
.195**
.194**
.174**
.000
.307**

Regional
Stronger
Predictor
UGPA
UGPA
UGPA
UGPA
UGPA
Neither
UGPA

bLSAT
.438**
.165**
.267**
.265**
.114**
.101*
.428**

bUGPA
.304**
.181**
.320**
.330**
.167**
.123**
.328**

R
.544**
.252**
.426**
.434**
.207**
.158**
.551**

Stronger
Predictor
LSAT
UGPA
UGPA
UGPA
UGPA
UGPA
LSAT

*Significant at p = .05, **Significant at p = .01

Within each respective sample, the LSAT has its greatest predictive power on in-class exams, with
significantly lower LSAT beta weights on all other testing methods. In contrast, UGPA beta weights appear
to be much more stable between testing methods, suggesting that a change in testing method has a smaller
effect on the predictive power of UPGA. Further, during years 1–3, the LSAT is the stronger predictor
(i.e., (b LSAT > (b UGPA ) only for in-class exams in the regional law school sample. Nonetheless, because in-class
exams comprise such a large proportion of all testing methods (74.6%), the LSAT was also the stronger
predictor in the aggregated model.
One of the most significant differences between the two samples is the large variability on how well the
LSAT predicts performance on writing assignments. At the national law school, the LSAT was uncorrelated
with performance on papers. In contrast, the LSAT was a fairly useful predictor of papers at the regional law
school, particularly during the first-year legal writing courses. As mentioned earlier (see above), this
outcome may be attributable to range restriction in the national law school sample along with the grading
criteria that may be unique to first-year legal writing. When paper grades are disaggregated, the LSAT and
UGPA beta weights for seminars and elective powers are very comparable between law schools.
Summary of Phase 2 results. Phase 2 produced different results for each sample group. For the national
law school, the disaggregated model was a significantly better model of law school performance than the
aggregated model. For the regional law school, the disaggregated model offered virtually no improvement
over the aggregated model.
Notwithstanding these differences, an inspection of the beta weights and correlation coefficients
suggests that testing method is a variable that affects the ordinal ranking of law school performance.
Specifically, in both sample groups, the predictive power of the LSAT is closely tied to in-class exams. On
other testing methods, the LSAT beta weights drop off significantly.
Although UGPA produced fairly modest correlations with law school performance in both the national and
regional law school samples, the beta weights for UGPA were generally much more stable than the beta weights
for LSAT. On testing methods other than in-class exams, UGPA also tended to be the stronger predictor. Finally,
with the exception of papers and first-year legal writing in the regional law school sample, the regression equations
for each testing method were relatively stable between year 1 and years 1–3. This result occurred despite the fact
that students take the same required courses in year 1 and a diverse range of electives in years 2–3.
The findings of Phase 2 also suggest that the proportion of each testing method affects the relative
importance of the LSAT and UPGA as predictors of law school performance. One of the reasons the
disaggregated model predicted better in national law school sample is that in-class exams became a less
common grading method (year 1, 74.9%; year 2, 60.3%; year 3, 52.1%). In contrast, the proportion of in-class
exams in the regional law school remained consistently high during all three years of law school (year 1,
80.6%; year 2, 71.9%; year 3, 70.6%). Yet, in an environment in which testing method appears to be a variable
that affects law school performance, it is both important and noteworthy that the LSAT has its greatest
predictive power on the most common testing method.
Additional Findings Related to Test-taking Speed
The results of phases 1 and 2 generally support the hypothesis that test-taking speed is a variable that
affects the performance (i.e., ordering) of students on both the LSAT and actual law school exams. This
subsection presents the results of three subsidiary analyses of the data set that are designed to provide
additional evidence that either collaborates or rebuts the presence of a test-taking speed variable. A fourth
analysis explores possible differences in test-taking speed among ethnic subgroups.
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Differential between in-class exams and other testing methods. For each student in the national and regional
law school sample, we assigned an ordinal ranking according to their GPA on in-class exams, take-home
exams, papers, and take-homes and papers combined. We then created three new variables that reflected the
differential (D) between the ranking on in-class exams and the ranking in one of the other categories: 11
D1 = Ranktake-home – Rankin-class
D2 = Rankpapers – Rankin-class
D3 = Ranktake-home & papers – Rankin-class
It was hypothesized that students with low test-taking speed would tend to have large differentials due to
(a) a lower ranking on in-class exams, where test-taking speed may be important, and (b) a higher ranking on
take-home exams and papers, where the effect of test-taking speed is diminished or negligible. Further, if
test-taking speed is a variable that affects performance on both the LSAT and law school grades, it was expected
that this differential would be positively correlated with the LSAT. The results are presented in Table 22.
TABLE 22
Correlation between differential ranking variable (D) and LSAT, UGPA
Differential (D)
Take-home rank minus in-class rank
Paper rank minus in-class rank
Take-home/Paper rank minus in-class rank
*Significant at p = .05, **Significant at p = .01

National Law School
LSAT
UGPA
n
.112*
.064
377
.199**
.108*
379
.171**
.095
379

Regional Law School
LSAT
UGPA
n
.245**
.113*
482
.174**
–0.008
601
.174**
–0.007
603

Although the correlations between LSAT and the differential ranking variables (D) are relatively modest,
they are statistically significant and comparable between the two samples. Furthermore, in both samples, the
differential between take-home exams and in-class exams was strongly correlated with the differential between
papers and in-class exams (national, .412; regional, .366). The most plausible explanation for these results is
that the LSAT is a measurement (in varying proportions) of both reasoning ability and test-taking speed.
Relationship between LSAT and page length of exam. The record-keeping at the national law school permitted
visual inspect of virtually all the exams in the sample. Thus, the variable of page length of exam was added to the
data set.12 We hypothesized that students with low test-taking speed would tend to do worse on exams with a
greater number of total pages. Of the 11,312 individual grades in the sample, 6,236 were based on in-class exams
using a pure essay format. Of this group, 2,767 (44.4%) were four pages or less in length, and 3,469 (55.6%)
were five pages or more in length. The division between four and five pages offered the proportion closest to
50%. The LSAT and UPGA coefficients for these categories are presented in Table 23.
TABLE 23
LSAT and UGPA correlation coefficients for long versus short in-class essay exams
Category
n
Short in-class essay (≤ 4 pages)
2,767
Long in-class essay ( 5 pages)
3,469
Other testing methods in sample
5,076
All testing methods in sample
11,312

LSAT
.190**
.270**
.145*
.194**

UGPA
.287**
.271 **
.217**
.262**

*Significant at p = .05, **Significant at p = .01

Using a z test, the correlation coefficient for short exams (≤ 4 pages) is statistically different from long
exams ( 5 pages) at p = .01. This finding suggests that test-taking speed is a variable common to both the
LSAT and longer in-class essay exams.
11

The ordinal ranking for in-class exams corresponded to the number of students who had taken the other testing method. For
example, when calculating “Take-home rank minus in-class rank” in the regional law school sample, ranking for in-class exams was
limited to the 482 students who had actually taken a take-home exam. This technique guaranteed that the mean differential for each
comparison would be zero.
12

Most tests were single-spaced, 12-point font. When an exam was doubled-spaced, the length was divided in half and one page was
added. Thus, an 8-page, double-spaced exam was coded as 5 pages (8/2 + 1).
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Evidence based on age. As noted in the literature review, test-taking speed typically declines with age after
early adulthood (Jensen, 1998, p. 225). Because only a small proportion of students in the national and
regional law school sample entered law school when they were age 28 or older (national, 9.7%; regional,
16.9%), the influence of age-related differences in test-taking speed is likely to be small. Nonetheless, the
test-taking speed hypothesis draws limited additional support when the variable of age is considered.
In the national law school sample, entering age was uncorrelated with LSAT score and negatively
correlated with UGPA (–.356). Thus, based on the importance of UGPA in the regression equations, if age is not
a variable affecting law school performance, age should be either uncorrelated or negatively correlated with GPA
on all testing methods. Nevertheless, entering age was positively correlated at statistically significant levels
with both GPApaper (.106, p = .039) and GPAtake-home & paper (.110, p = .033). Moreover, when age is included in the
LSAT/UPGA regression models for predicting performance on assigned papers, the correlation coefficient
increased from .195 to .271. Similarly, when age was added to a regression model for grade averages on takehome exams and assigned papers combined, the model’s correlation coefficient increased from .229 to .305.
In the regional law school sample, entering age was uncorrelated with LSAT and negatively correlated
with UGPA (–.115). In contrast to the national sample, entering age was not correlated with GPApaper or
GPAtake-home & paper at statistically significant levels. However, in a forward stepwise regression that excluded all
variables that failed to improve the model at statistically significant levels (p =.10), age was excluded from the
model for GPAin-class but included for GPApaper and GPAtake-home & paper. With age added as a variable, the
correlation coefficient (R) for GPApaper increased from .426 to .434; the correlation for GPAtake-home & paper increased
from .431 to .442.
Although these results may be attributable to age-related differences in test-taking speed, an alternative
theory is that writing ability is a distinctive skill that improves with experience over time. Therefore, older
students may have a slight advantage on testing methods, such as papers and take-homes that may place a
greater premium on a clear, well written analysis.
Evidence based on ethnicity. As noted in the literature review, there is some evidence to suggest that ethnic
subgroups, particularly Hispanics and African Americans, may be disproportionately affected by a speededness
component on the LSAT (e.g., Wightman & Muller, 1990a). The results of this study yielded inconclusive evidence
that testing method, defined by time allowed, has a differential impact on minority students.
The performance of students by ethnic subgroup was analyzed using the ordinal ranking variables
discussed above. If minority students are more likely to be adversely affected by time pressure, we would
expect higher ordinal rankings based on GPAtake-home, GPApaper, or GPAtake-home & paper and lower ordinal
rankings based on GPAin-class. Thus, in terms of the differential ranking variable (D), which subtracts Rankin-class
from Ranktake-home, Rankpapers, or Ranktake-home & papers, minority students should tend to have negative
differentials. As shown in Table 24, in both samples, white students tend to have positive differentials (i.e.,
ordinal ranking is higher on in-class exams than other testing methods), and minority students tend to have
negative differentials (i.e., lower ranking is lower on in-class exams than other testing methods). In order to
visualize the distributions for each subgroup, Appendix E contains box plots for the change in ranking
between take-homes and in-class exams in both the national and regional law school samples.
TABLE 24
Mean differential of ordinal ranking, by school and ethnicity

School and Ethnicity
National
White
Asian
Black
Hispanic
Undeclared
Regional
White
Asian
Black
Hispanic
Undeclared

n

Mean Differential of Ordinal Ranking
Take-home
Paper
Take-home/Paper
minus In-class
minus In-class
minus In-class

263
33
13
18
50

6.89
–23.51
–66.62
18.78
–10.18

4.80
4.85
–14.69
–12.22
–23.8

4.59
–5.94
–31.69
14.28
–17.38

386
22
25
16
30

6.50
4.09
–17.16
–86.44
–26.80

5.46
–47.73
–39.61
–25.58
14.77

4.39
–29.00
–14.00
–32.63
–1.51

The methodology used to generate the mean differential variables displayed in Table 24 has some
advantages that facilitate comparisons between subgroups. For example, as a matter of pure math, the sum of the
mean differential variables must equal zero.13 Therefore, when the 263 white students at the national law school
averaged a 6.89 gain in relative ranking on in-class exams (a speeded environment) versus take-home exams (an
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unspeeded environment), an aggregate loss of ranking units of 1,812 (6.89 x 263) has to be distributed over the
remaining students, who are either minority or undeclared status. In other words, comparisons of these variables
will always result in a zero-sum game; for one group to gain, another must experience a loss.
Despite a trend toward negative differentials for minority students, the small number of minority
students in both the national and regional law school samples precludes any finding that minority students
perform disproportionately worse on in-class exams. However, notwithstanding the small sample size, some
of the differentials between white students and minorities were statistically significant. For example, using
an independent sample “t” test, the mean differential between take-home and in-class exams for black
students in the national law school sample (–66.62) was found to be statistically different from the mean
differential for white students (6.87) at p = .05. Applying the same criteria, the mean differential between
take-home and in-class exams for Hispanic students in the regional law school sample (–86.44) was found to
be statistically different from the same figure for white students (6.50) at p = .05.
The differential between take-home and in-class exams is arguably the best category to examine ethnic
subgroup differences because blind grading was applied to both testing methods in both samples (see
Appendix E for box plots). Yet, it should be emphasized that the trends for Hispanic and black students were
different between the two sample groups. In the national law school sample, the mean differential between
take-home and in-class exams for Hispanic students was positive (18.78). Moreover, in the regional law
school sample, the mean differential between take-home and in-class exams for black students (–17.16) was
not statistically significant. Thus, at a minimum, a larger sample size needs to be obtained in order to
adequately explore the possibility of a testing method differential among ethnic subgroups.
Testing method and gender. Some legal academics have alluded to anecdotal or limited empirical evidence
that females tend to perform better on take-home exams and research papers than traditional law school
exams. For example, Professor Lani Guinier has reported the observation of several of her colleagues that
“many women perform better on take-home exams and research assignments that give them an ample
opportunity to think and reflect” (p. 7–8, 1998). Based on a limited data set, Professor Mary Becker also
found “some evidence … that women do especially well on take-home exams” (1997, p. 423). However, in
this study, neither the national or regional law school samples provided any support for the assertion that
females tend to do better on less time-pressured testing methods.
TABLE 25
Mean differential of ordinal ranking, by school and gender
School and Gender
National
Male
Female
Regional
Male
Female

n

Take-home
minus In-class

Paper
minus In-class

Take-home/Paper
minus In-class

232
145

–2.42
3.87

–2.72
4.34

–3.97
6.34

242
240

–0.88
0.88

12.18
–12.18

8.49
–8.52

Utilizing the differential ranking variable discussed above, Table 25 shows that females in the national
law school sample tended to have higher ordinal rankings on in-class exams than on take-homes, papers, or
take-homes and papers combined. Within the regional law school, there was essentially no difference
between the ordinal rankings of females on in-class exams vis-à-vis take-homes. However, females tended to
have slightly lower ordinal rankings on in-class exams vis-à-vis papers. As shown in Table 26, when the data
are further disaggregated by gender and minority status, the consistent negative differential for minority
students suggests that, if a significant relationship is present at all, performance on a particular testing
method is probably more closely tied to ethnicity than gender.14 Papers within the regional sample was the
only testing method in which white females tended to have higher ordinal ranking vis-à-vis performance on
in-class exams, and this differential was not statistically significant vis-à-vis white male students.

13

As explained in footnote 11, the mean differential for take-home exams minus in-class exams was limited to students who actually
took both methods, thus guaranteeing that both the sum and the average of the differentials would always equal zero.

14

It is worth repeating that the present sample size precludes any strong assertion that there is a statistically significant relationship
between ethnicity and performance on a specific type of testing method. On the other hand, the clear trend toward negative
differentials among minority students is probably sufficient to warrant a future study with a larger sample size.
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TABLE 26
Mean differential of ordinal ranking, by school and ethnicity
School, Gender, and Minority Status
National
Male
White
Minority
Female
White
Minority
Regional
Male
White
Minority
Female
White
Minority

N

Take-home
minus In-class

Paper
minus In-class

Take-home/Paper
minus In-class

157–158
38–38

7.13
–16.53

6.03
–4.18

4.67
–7.21

106–106
26–27

6.55
–26.00

3.56
0.81

4.32
–1.96

209–256
19–28

3.59
–47.42

16.42
–48.93

12.84
–36.32

179–229
47–58

11.55
–14.30

–8.76
–28.48

–4.52
–12.88

Note. For N, the lower number corresponds to the number of students within a particular group that actually took take-home exams. The
higher number includes all the students who at least took one class where the grade was determined by either a take-home or a paper.

Discussion
The central insight of this study is that testing method is a variable that affects the predictive power of
both the LSAT and UGPA. In both the national and regional law school samples, the LSAT had its greatest
predictive power on in-class exams (see Tables 9, 10, 16, 19). This finding is consistent with the hypothesis
that a test-taking speed variable is present on both the LSAT and in-class exams. Although UPGA appears to
be a more stable predictor than the LSAT as we move between testing methods, the predictive power of
UGPA also declines on less time-pressured testing-methods (see Tables 9, 10, 16, 19). The results of phase 1
and 2 suggest that the variable of test-taking speed may be a variable that may explain, at least in part, the
uneven predictive power of the LSAT. However, consideration of other variables may be necessary to
explain why the predictive power of UPGA also varies by testing method.
A theoretical framework for predicting and interpreting law school performance would likely include
several factors. The results of this study suggest at least five: (1) reasoning ability, (2) test-taking speed, (3)
motivation and persistence,l5 (4) writing ability, and (5) grading method. Table 27 summarizes how these five
factors are relevant to the traditional predictors of law school performance, LSAT and UGPA.
TABLE 27
Factors affecting performance on LSAT and UGPA
Factor
Reasoning ability
Test-taking speed
Motivation and persistence
Writing ability
Objective grading (i.e., based on identical
analytical tasks)

Relevant to LSAT
Yes
Yes
No
No
Yes

Relevant to UGPA
Yes
Probably
Yes
Yes, varies with curriculum
Yes and No, mixture of papers
and exams

Regarding the first two factors, reasoning ability and speed, a student’s underlying reasoning ability is
probably the most important determinant of LSAT score because it affects a student’s ability to identify and
select correct answers. However, the number of questions actually reached also affects total score. Thus, if
the LSAT is speeded, students with low test-taking speed will tend to have marginally lower LSAT scores. A
differential in test-taking speed among students could therefore explain the declining predictive power of
the LSAT on take-home exams and papers. More specifically, students with high reasoning ability but low
test-taking speed will tend to (a) have lower LSAT scores, and (b) perform better (i.e., have a higher ordinal
ranking) on take-home exams and papers. The results above support this interpretation. Reasoning ability
and test-taking speed (to a lesser degree than the LSAT) are also likely to be reflected in a student’s UGPA.

15

Powers (1982) has suggested that one of the reasons that the predictive power of the UPGA remains stable, or even increases, between
year 1 and years 1–3 of law school is that UPGA may be a measure, at least in part, of motivation and persistence.
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Moving to the third factor in Table 27, motivation and persistence, this attribute is unlikely to have a
significant effect on LSAT scores. The LSAT is designed to measure reasoning ability. Thus, LSAT
preparation is generally limited to test-taking techniques and familiarity with format. Retest studies suggest
that gains on the LSAT are generally very modest over time (e.g., Schnipke, Anthony, & Reese, 2000). In
contrast, motivation and persistence are very relevant to UPGA because tests at the undergraduate level are
designed to measure mastery of subject matter. Regarding the fourth factor, writing ability, insofar as trait is
distinct and separate from reasoning ability, the multiple choice format of the LSAT will not provide an
accurate measure. However, depending upon the curriculum, strong writing ability will generally lead to a
higher UGPA. Finally, grading criteria is relevant to both the LSAT and UGPA. The LSAT ranks students by
comparing performance on identical analytical tasks that can be objectively graded. Because undergraduate
testing regimes often require different mixtures of exams and papers, a common objective standard is not
always present. Thus, comparisons of UPGA may sometimes be inappropriate or misleading (e.g., science
versus liberal arts studies). Table 28 provides a summary of how the five factors affecting LSAT and UGPA
are also relevant to four distinctive testing methods found in this study.
TABLE 25
Relevance of five factors to law school testing methods
Factor
Reasoning ability
Test-taking speed
Motivation and persistence
Writing ability
Objective grading (i.e., based on
identical analytical tasks).

In-Class Exam
Yes
Yes
Yes
Minimal

Take-home
Exam
Yes
Minimal
Yes
Moderate

Paper in Required
Legal Writing
Yes
No
Yes
Yes

Yes

Yes

Yes

Paper in Seminar,
Elective Course
Yes
No
Yes
Yes
No (most subjective
category)

Starting again with reasoning ability, this attribute is relevant to performance on in class exams,
take-home exams, papers in required legal writing, and seminar papers. Second, test-taking speed will be
most important on in-class exams and less important or negligible on the other testing methods. Third,
because a law school curriculum involves the mastery of subject matter, motivation and persistence are
relevant on all testing methods. Fourth, writing ability is more important for legal writing assignments and
seminar papers and less important for law school exams. Correctly identifying and analyzing discrete legal
issues is the primary grading criteria of the traditional Blue Book exam; organization and elegant prose are
subsidiary factors. Fifth, in-class exams, take-home exams, and legal writing assignments all cover a
common intellectual terrain in which the instructor has already identified a universe of correct responses. In
contrast, seminar papers often cover subject matter chosen by the student. Thus, creativity, depth of analysis,
and quality of exposition become the primary grading criteria. This process is obviously more subjective.
As discussed in the previous section, the low predictive power of the LSAT in the national law school
sample is probably attributable to range restriction. However, the framework outlined above can be used to
explain the changes in predictive ability of the LSAT and UGPA in both the national and regional law school
samples. The framework applies as follows:
In-class Exams
The correlation between the LSAT and in-class exams is attributable to both reasoning ability and
test-taking speed. This correlation is higher in the regional law school sample because of a broader range of
ability. Within the national law school sample, the LSAT has its highest predictive power on in-class exams,
but is poorly correlated with the other testing methods. This pattern suggests that in a range-restricted
environment such as the national law school sample, the predictive power of the LSAT may rest more on
differences in test-taking speed than on differences in reasoning ability. In contrast, UPGA is a composite of
reasoning ability, test-taking speed, and motivation and persistence. Because all of these attributes are
relevant to in-class exams, UPGA predicts fairly well for this testing method.
Take-Home Exams
The LSAT is a less useful predictor of take-home exams in both samples because the variable of
test-taking speed is less important. The broader range of ability in the regional law school may explain why
the LSAT predicts take-home exams slightly better in the regional sample (.182) than in the national sample
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(.142). UGPA is once again important for reasoning ability and motivation and persistence. The lack of a
test-taking speed variable might also have the effect of bunching the distribution of student responses, thus
depressing the predictive ability of both the LSAT and UGPA. For example, a professor in the national law
school sample gave the same exam to one section using the in-class format and to a second section using the
take-home format. In a corresponding exam memo to both sections, the professor commented on his surprise
that the in-class exams had a much broader distribution of grades than the take-home exams. This anecdotal
evidence corroborates Kissam’s assertion that stringent time limits are useful for generating a grading curve
with large number of gradations (1989, p. 453).
Required Legal Writing Assignments
In both the national and regional law school samples, the first-year legal writing courses are graded on
the basis of memos and briefs drawn from identical fact patterns and legal issues. Thus, in addition to
organization and writing style, a substantial portion of the legal writing assignments is objective. In other
words, students must “spot” a discrete universe of issues. Range restriction may explain why the LSAT
predicted first-year legal writing grades fairly well in the regional law school sample (.347) and not at all in
the national law school sample (.036). In contrast, UPGA is a useful predictor of legal writing in both
samples because it is a composite of reasoning ability, writing ability, and motivation and persistence.
Papers in Seminars and Elective Courses
In both the national and regional law school samples, the LSAT is a poor predictor of paper assignments
in seminars and other elective courses. Although reasoning ability is undoubtedly important to lucid and
engaging prose, this testing method lacks an objective grading criterion. Thus, students with superior
writing skills will tend to do better. A broader range of reasoning skills may account for a modest correlation
in the regional law school sample between LSAT and averages in seminar and elective courses (.124). In the
national law school sample, LSAT is uncorrelated with performance on this testing method (.053). In
contrast, UPGA remains a useful predictor of performance on seminar and elective papers because it is a
composite of reasoning ability, writing ability, and motivation and persistence.
Assuming that the above framework accurately describes the role of testing method and test-taking speed on
the LSAT, UPGA, and law school performance, the legal academy may need to consider which testing method is
the best measure of legal ability and accomplishment. As a first-pass analysis, it could be argued that papers and
take-home exams are a closer analogue to the practice of law, in terms of both time pressure and the creation of a
final work product that might be relied upon by a client or a court. Alternatively, some might argue that the Blue
Book exam is a good metric for certain types of legal practice. Of course, such a claim may be amenable to
empirical testing. It also leaves open the question of whether there is an optimal mix of testing methods.
That said, the issue of test-taking speed may be especially important because there is some evidence to
suggest that in-class exams may marginally favor white students at the expense of minorities. Moreover,
because the predictive power of the LSAT appears to be closely linked to in-class exams, heavy reliance on
in-class exams necessarily increases the importance of the LSAT for admission purposes. If additional
evidence suggests that time-compressed in-class exams have a disparate impact on one or more ethnic
subgroup, a fairly rigorous theoretical basis will be needed to justify a testing regime in which a large
proportion of first-year grades (regional, 80.6%; national, 74.9%) and cumulative law school grades
(regional, 74.6%; national 61.3%) rely on this testing method.

Conclusion
In summary, this study supports the hypothesis that test-taking speed is a variable that affects the
ordinal ranking of students on both the LSAT and actual law school exams. However, the findings of this
study need to be kept in context. Despite a rich data set that permitted a wide array of analysis, the sample size is
ultimately small and may not be fully representative of other U.S. law schools. Many LSAT studies have
encompassed 100 or more law schools. What this study gains in depth, it sacrifices in breadth. This study should,
therefore, be replicated and/or expanded to include other law schools. In particular, a follow-up study with a
larger sample size should be conducted to further examine the possibility that the performance gap between
white and minority students is larger on in-class exams than on less time-pressured testing methods.
Notwithstanding any aggressive theorizing by the author, the findings of this study should be viewed as
tentative and open to additional interpretation.
16

The time limits on take-home exams were also different in the two samples. The national law school sample typically allotted 8 hours versus
24 hours in the regional law school sample (see section titled “Phase 1: LSAT and UGPA Correlation Coefficients by Testing Method).
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Appendix A
National Law School

FIGURE A1. Grade distributions, in-class exams, take-home
exams, and papers
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Appendix B
Regional Law School

FIGURE B1. Grade distributions, in-class exams, take-home
exams, and papers
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Appendix C
Scatter Plots for National Law School Sample

FIGURE C1. Predicted disaggregated GPA, years 1–3 and
law school grade average
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Appendix D
Scatter Plots for Regional Law School Sample

FIGURE D1. Predicted disaggregated GPA, years 1–3 and
law school grade average
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Appendix E
Change in Ranking between Take-Home and In-Class Exams

FIGURE E1. Change in ranking between take-home and in-class
exams for national and regional law school samples

